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Background: Traditional breeding programs consider an average pairwise kinship between sibs. Based on pedigree
information, the relationship matrix is used for genetic evaluations disregarding variation due to Mendelian
sampling. Therefore, inbreeding and kinship coefficients are either over or underestimated resulting in reduction of
accuracy of genetic evaluations and genetic progress. Single nucleotide polymorphism (SNPs) can be used to
estimate pairwise kinship and individual inbreeding more accurately. The aim of this study was to optimize the
selection of markers and determine the required number of SNPs for estimation of kinship and inbreeding.
Results: A total of 1,565 animals from three commercial pig populations were analyzed for 28,740 SNPs from the
PorcineSNP60 Beadchip. Mean genomic inbreeding was higher than pedigree-based estimates in lines 2 and 3, but
lower in line 1. As expected, a larger variation of genomic kinship estimates was observed for half and full sibs than
for pedigree-based kinship reflecting Mendelian sampling. Genomic kinship between father-offspring pairs was
lower (0.23) than the estimate based on pedigree (0.26). Bootstrap analyses using six reduced SNP panels (n = 500,
1000, 1500, 2000, 2500 and 3000) showed that 2,000 SNPs were able to reproduce the results very close to those
obtained using the full set of unlinked markers (n = 7,984-10,235) with high correlations (inbreeding r > 0.82 and
kinship r > 0.96) and low variation between different sets with the same number of SNPs.
Conclusions: Variation of kinship between sibs due to Mendelian sampling is better captured using genomic
information than the pedigree-based method. Therefore, the reduced sets of SNPs could generate more accurate
kinship coefficients between sibs than the pedigree-based method. Variation of genomic kinship of father-offspring
pairs is recommended as a parameter to determine accuracy of the method rather than correlation with
pedigree-based estimates. Inbreeding and kinship coefficients can be estimated with high accuracy using ≥2,000
unlinked SNPs within all three commercial pig lines evaluated. However, a larger number of SNPs might be
necessary in other populations or across lines.
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In the last decades, the use of best linear unbiased pre-
diction (BLUP) via mixed model equations [1] has
allowed significant genetic progress in animal breeding
programs. One of the key elements of BLUP is the use
of the additive genetic relationship matrix (A matrix) for
breeding value estimation. However, the A matrix may
have lower accuracy due to: 1) pedigree errors and 2) in-
breeding and relationship coefficients that are, almost by* Correspondence: Marcos.Lopes@TOPIGS.com
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reproduction in any medium, provided the ordefinition, over or underestimated. In order to derive the
A matrix based on the pedigree, it is assumed that two
full sibs from unrelated parents, have a kinship coeffi-
cient equal to 0.25. This means that they have 50% of all
loci identical by descendent (IBD). However, this is not
always true. Full sibs can share zero (kinship = 0), one
(kinship = 0.25) or two (kinship =0.50) IBD alleles due to
Mendelian sampling. Thus, actual kinship coefficients
vary considerably around the expected mean [2]. More-
over, in many situations, pedigree information may not
be available or incomplete, precluding the use of infor-
mation from relatives.td. This is an Open Access article distributed under the terms of the Creative
ommons.org/licenses/by/2.0), which permits unrestricted use, distribution, and
iginal work is properly cited.




Mean ± SD 0.03 ± 0.02 0.04 ± 0.02 0.04 ± 0.04
Minimum 0.00 0.00 0.00
Maximum 0.15 0.27 0.29
All markers2
Mean ± SD −0.01 ± 0.05 0.09 ± 0.07 0.06 ± 0.06
Minimum −0.16 −0.13 −0.12
Maximum 0.23 0.29 0.29
LE markers3
Mean ± SD −0.01 ± 0.04 0.12 ± 0.07 0.06 ± 0.05
Minimum −0.19 −0.14 −0.13
Maximum 0.25 0.32 0.30
Mean, standard deviation (SD), minimum and maximum values of genomic
and pedigree-based inbreeding estimated within the three lines evaluated
(L1, L2 and L3).
1Analysis performed using information from 6–10 generations recorded on
paper pedigree; 2Analysis performed using all markers (n = 28,740); 3Analysis
performed using only markers in linkage equilibrium (LE) within each line
(9579, 7984 and 10235 LE markers for L1, L2 and L3, respectively). L1, L2 and
L3 were composed of 945, 313 and 218 animals, respectively.
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http://www.biomedcentral.com/1471-2156/14/92In the last decades, new methodologies as well as soft-
ware for implementation of molecular markers to esti-
mate inbreeding and kinship have been developed
[3-10]. In previous years, the availability of a limited
number of markers was pointed out as the main bottle-
neck for the use of DNA markers for estimation of indi-
vidual inbreeding using pedigree-free methods [11].
With the recent advent of high-throughput sequencing
and genotyping methods, thousands of single nucleotide
polymorphisms (SNPs) are now available. These offer
additional opportunities for use of molecular infor-
mation for estimation of inbreeding and kinship [12].
Therefore, the realized relationships can be measured
more accurately using molecular markers to construct a
genomic relationship matrix (G) [2,13].
Several studies have shown that molecular markers,
such as highly polymorphic microsatellites and SNPs,
are a powerful tool for verification and identification of
paternity [14-18]. For a more accurate estimation of
inbreeding coefficients and pairwise kinship, SNP infor-
mation is used to trace back all the relationships bet-
ween the animals from a given population and the
individual inbreeding coefficient is based on similarity of
alleles without using pedigree information.
New genotyping technologies have contributed to a re-
duction of genotyping costs. However, the cost of geno-
typing with a large number of markers is still a barrier
for practical application of a G matrix in pig breeding
programs. A reduced set of markers still able to estimate
an accurate G matrix would contribute to substantial
cost reduction of genomic selection schemes. In cattle, it
was suggested that at least 2,500 preferably unlinked
SNPs are needed to estimate relationship matrices [19].
In the same study, it was proposed to calibrate the num-
ber of markers to the extent of linkage disequilibrium
(LD) present in the genome.
The presence of LD is an issue that has to be carefully
considered for the use of dense sets of SNPs. Increasing
the number of SNPs can decrease informativeness due
to LD. Linked markers give more variable estimates of
relatedness and inbreeding than markers in linkage equi-
librium (LE). Therefore, it has been suggested that the
best strategy is first to exclude tightly linked markers in
order to get the most informative set [12].
The aim of this study was to optimize the selection
of SNPs and determine the number of informative
SNPs necessary to estimate genomic inbreeding and




Summary statistics of inbreeding estimated using: all
remaining SNPs after quality control (all markers), onlymarkers in LE (LE markers) and pedigree information
within the three lines evaluated (L1, L2 and L3) are
shown in Table 1. The mean genomic inbreeding was
higher for L2 (0.09 using all markers and 0.12 using LE
markers) and L3 (0.06 using both SNP panels) compared
to L1 (−0.01 using both SNP panels). However, the
pedigree-based inbreeding was, on average, similar
across lines (L1 = 0.03, L2 = 0.04 and L3 = 0.04). The
maximum genomic and pedigree-based inbreeding coef-
ficients were almost identical for L2 and L3, while the
smallest maximal values were always observed for L1.
The average inbreeding coefficients obtained with all
markers and LE markers were not remarkably different.
As shown in Table 2, the Pearson’s correlations between
the pedigree-based and the two genomic inbreeding
values were very low (all markers: L1 = 0.30, L2 = 0.27
and L3 = 0.27; LE markers: L1 = 0.42, L2 = 0.28 and
L3 = 0.35). Correlation of genomic inbreeding values
with pedigree-based inbreeding increased when LE
markers were used for the three lines evaluated. The
correlation between the estimations using LE and all
markers were >0.80 in all lines.
Comparison of SNP panels
Figure 1 shows box plots of the correlation between in-
breeding estimates using each one of the 1,000 replicates
of the six panels (n = 500, 1000, 1500, 2000, 2500 and
3000 LE markers) and using the complete set of LE
markers in each line. The lowest correlations were ob-
served when 500 SNPs were used. They ranged from
0.53 to 0.68, 0.73 to 0.87 and 0.59 to 0.80 for L1, L2 and
Table 2 Correlation between genomic and pedigree-based




LE markers3 0.42 0.84
L2
All markers 0.27
LE markers 0.28 0.89
L3
All markers 0.27
LE markers 0.35 0.92
1Analysis performed using information from 6–10 generations recorded on
paper pedigree; 2Analysis performed using all markers (n = 28,740); 3Analysis
performed using only markers in linkage equilibrium (LE) within each line
(9579, 7984 and 10235 LE markers for L1, L2 and L3, respectively). L1, L2 and
L3 were composed of 945, 313 and 218 animals, respectively.
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creased the correlation. When 2,000 or more SNPs were
used, all replicates showed correlations >0.80 for the
three lines. For all subsets, L2 showed the highest cor-
relations, while L1 had the lowest. However, above 2,000
SNPs the additional increase in correlation was only
marginal (2-5%). With 2,000 SNPs the average cor-
relation of the 1,000 bootstrap replicates were 0.84 (L1),
0.94 (L2) and 0.90 (L3). Adding another 500 markers,
the correlation for L1, L2 and L3 was on average 0.87,
0.95 and 0.92, respectively. Using 3,000 SNPs the mean
correlation was 0.89 (L1), 0.96 (L2) and 0.93 (L3). Cor-
relations between each reduced subset and all markers
were comparable to those described above (data not
shown) in all lines.Figure 1 Bootstrap analysis for inbreeding. Box plot of correlation betw
1,000) of the subsets of LE markers and inbreeding coefficients estimated uKinship
In L1, paternity testing confirmed the sire in the pedi-
gree as the true sire for all 645 animals. Pairwise kinship
between sire and offspring estimated using LE and all
markers were quite similar (r = 0.83). The mean genomic
kinship estimated was 0.23 ± 0.02 using both SNP panels
with a range from 0.18 to 0.30 for LE markers and from
0.17 to 0.31 for all markers (Table 3). Mean pedigree-
based kinship estimated between father and offspring
was 0.26 ± 0.01, ranging from 0.26 to 0.33. As observed
for the estimation of inbreeding, the correlation between
pedigree-based and genomic kinship was higher when
only unlinked markers were used (0.42 using LE markers
against 0.36 using all markers).
Genomic kinship estimates between half and full sibs
using LE and all markers also showed the same mean
and standard deviation. Table 3 shows that the mean
genomic kinship was equal to 0.12 ± 0.03 showing a
range of 0.02 to 0.28 (LE markers) and of 0.02 to 0.30
(all markers) for half sib pair. For full sibs, the mean
genomic kinship was 0.24 ± 0.04 ranging from 0.08 to
0.34 (LE markers) and from 0.08 to 0.37 (all markers).
For pedigree-based kinship, half sibs showed a mean
value of 0.15 ± 0.01 (0.14 to 0.24). For full sibs, kinship
based on pedigree information presented a mean of
0.27 ± 0.01 ranging from 0.26 to 0.34. Correlations
between pedigree-based and genomic kinship were also
higher using LE markers, being 0.34 for half sibs and
0.15 for full sibs (Table 4). When all markers were used,
correlations were 0.29 and 0.14 for half and full sibs,
respectively. The correlations between the estimates from
LE and all markers were 0.83 for kinship between father
and offspring, 0.90 for full sibs and 0.92 for half sibs.een the inbreeding coefficients estimated using each replicate (n =
sing the full set of LE markers for each line. Median is given in bold.
Table 3 Summary statistics of genomic and pedigree-based
kinship estimation
Father-offspring Full sibs Half sibs
Pedigree1
Mean ± SD 0.26 ± 0.01 0.27 ± 0.01 0.15 ± 0.01
Minimum 0.26 0.26 0.14
Maximum 0.33 0.34 0.24
All markers2
Mean ± SD 0.23 ± 0.02 0.24 ± 0.04 0.12 ± 0.03
Minimum 0.17 0.08 0.02
Maximum 0.31 0.37 0.30
LE markers3
Mean ± SD 0.23 ± 0.02 0.24 ± 0.04 0.11 ± 0.03
Minimum 0.18 0.08 0.02
Maximum 0.30 0.34 0.28
Mean, standard deviation (SD), minimum and maximum values of genomic
and pedigree-based kinship estimated within the pairs father-offspring
(n = 645), full sibs (n = 502) and half sibs (n = 5,756).
1Analysis performed using information from 6–10 generations recorded on
paper pedigree; 2Analysis performed using all markers (n = 28,740); 3Analysis
performed using only markers in linkage equilibrium (LE) within each line
(9579, 7984 and 10235 LE markers for L1, L2 and L3, respectively).
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ship pairs (n = 446,040) for the whole population of L1
animals, a much higher correlation was observed than
within families. The correlation was 0.78 and 0.85 using
all markers and LE markers, respectively. In this sce-
nario, the correlation between estimates from LE and all
markers was 0.97.
Correlations between pairwise kinship estimated using





LE markers3 0.42 0.83
Full sibs
All markers 0.29
LE markers 0.34 0.90
Half sibs
All markers 0.14
LE markers 0.15 0.92
Population
All markers 0.78
LE markers 0.85 0.97
Correlations estimated within the father-offspring (n = 645), full-sib (n = 502)
and half-sib (n = 5,756) pairs and the whole population (n = 446,040).
1Analysis performed using information from 6–10 generations recorded on
paper pedigree; 2Analysis performed using all markers (n = 28,740); 3Analysis
performed using only markers in linkage equilibrium (LE) in L1 (9,579
LE markers).1000, 1500, 2000, 2500 and 3000 LE markers) and the
results using the complete set of LE markers are shown
in Figure 2. All replicates showed correlation >0.85 with
the LE markers and variation decreased with increasing
number of markers in the panel.
Discussion
Selection of SNPs
In this study, six reduced SNPs panels were evaluated
for estimation of inbreeding and kinship coefficients.
The selection of SNPs was weighted by the proportion
of SNPs on each chromosome in relation to the total
number of LE markers. This selection procedure should
ensure a good distribution of SNPs across the whole
genome.
Markers located on the X chromosome were not in-
cluded in the analyses because such chromosome con-
tributes more for inbreeding in females than in males.
Mendelian sampling within offspring of the same sex is
lower from the male parent [12,20,21]. The population
evaluated in the current work, with exception of 11 L1
and three L2 sows, was composed of boars only.
The three lines evaluated showed a different number
of SNPs in the set of LE markers. Although the number
of remaining markers per chromosome varied across
genetic lines, the proportion of markers in relation to
the total number of LE markers did not change remar-
kably (see Additional file 1). Therefore, for practical
application, it is possible to use a mean probabilityFigure 2 Bootstrap analyses for kinship: Box plot of correlation
between kinship coefficient estimated using each replicate
(n = 1,000) of the subsets of LE markers and kinship coefficient
estimated using the full set of LE markers (n = 9,579). Pairwise
kinship was evaluated only for L1 animals. Median is given in bold.
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lines simultaneously.
Estimation of inbreeding
Inbreeding at a given locus can be defined as the proba-
bility that the two alleles from the same diploid individual
in two different gametes are IBD considering a specific
base population [22]. The definition of such a base popu-
lation will change depending on which method has been
used to estimate the inbreeding coefficients. If inbreeding
is estimated based on pedigree information, the founders
of the pedigree will be defined as the base population.
However, if genomic instead of pedigree information is
used, often the current population is defined as the base
population [22]. This represents a convenient strategy
because most of the modern livestock genetic lines were
generated decades ago and genetic material from the
founders is not available for genotyping.
In the current study, the current population was defined
as the base population. Therefore, using allele frequencies
estimated from the actual population, the correlation
between genomic and pedigree-based inbreeding using LE
markers ranged from 0.28 to 0.42 and 0.27 to 0.30 using
all 28,740 markers whereas correlations between LE
markers and the full set of markers ranged from 0.84 to
0.92 (Table 2). Low correlation (r < 0.25) between genomic
and pedigree-based inbreeding coefficients were also
reported in simulation study in humans [23]. VanRaden
[9] obtained even negative correlation between genomic
and pedigree-based inbreeding (−0.26 to 0.40) using actual
allele frequencies estimated by counting alleles in the
genotyped population. Higher correlation between ge-
nomic and pedigree-based inbreeding have been observed
when the allele frequency of the founders of the pedigree
was used (i.e. genomic and pedigree-based inbreeding
were estimated using the same base population). Using
simulated genotypes, VanRaden [9] has shown that the
correlation between genomic and pedigree-based inbree-
ding ranged from 0.78 to 0.81 and from 0.66 to 0.75 when
the allele frequencies in the base population (founders of
the pedigree) were known or estimated, respectively.
VanRaden et al. [21] observed that including all available
43,385 SNPs, the correlation between genomic and
pedigree-based inbreeding ranged from 0.50 to 0.56 when
the allele frequencies of the base population (founders
of the pedigree) were estimated, and increased up to
0.59 – 0.68 when an allele frequency of 0.50 was used.
Therefore, the low correlation between genomic and
pedigree-based inbreeding in this study can be partly
explained by the fact that different base populations
were adopted for each method. In addition, genomic in-
breeding in this study might be underestimated because
markers with a minor allele frequency (MAF) <0.05 were
excluded and the populations investigated are related tothe main breeds used for SNP detection and selection
for the 60K SNP array [24]. In any case, the true in-
breeding is not known. Other tests, rather than a higher
correlation between genomic and pedigree-based in-
breeding, need to be established because pedigree infor-
mation neglects Mendelian sampling variance and only
covers inbreeding of the most recent generations. How-
ever, although it is clear that the pedigree-based in-
breeding cannot be taken as a golden standard, the
comparison between genomic and pedigree-based esti-
mates was performed in this study to make it com-
parable to those results from the literature [9,21,23].
A larger mean of genomic compared to traditional in-
breeding may also be expected because selection increases
the probability for favorable alleles to be transmitted to
later generations [21,25]. This is reflected by the higher
values of genomic inbreeding compared to pedigree-based
inbreeding. Only for L1, the mean genomic inbreeding
was lower than the pedigree-based inbreeding and even
slightly negative (−0.01). Negative values for inbreeding
indicate that the animal is less homozygous than expected
[22]. In cattle, VanRaden et al. [21] observed negative
values for all three breeds that they evaluated. As
expected, in the current study, the standard deviation
(SD) of the genomic inbreeding was higher than the SD of
the pedigree-based estimate for all lines. The difference in
SD is due to the fact that genomic information measures
homozygosity of each individual instead of the mean
homozygosity expected from common ancestors. It has
been discussed that in a future involving genomic selec-
tion the pedigree-based inbreeding may not be a valid in-
breeding measurement due to underestimation of the true
inbreeding [25].
Estimation of kinship
Paternity of animals could be checked only for animals
whose fathers were also genotyped. Due to the absence
of genotypes of the dams, only the relationship between
father and offspring was investigated. Nevertheless, it is
necessary to keep in mind that pedigree-based kinship
was estimated based on information that ranged from 6
to 10 generations and, even in accurate systems such as
the one used in this study, mistakes can occur at infor-
mation recording or introduction into the database
generating pedigree mistakes. If the on-farm pedigree is
not correct, the correlation between pedigree-based and
genomic kinship will be affected too.
Higher correlations between the genomic and pedigree-
based methods were observed when the full population
was evaluated compared to within-family analyses. How-
ever, the average and the SD of pairwise kinship between
father-offspring and full and half sib pairs were practically
the same (Table 3) using both sets of markers. In the
current study, the correlation between genomic and
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using LE markers and 0.78 using all markers. This is com-
parable to the studies of Rolf et al. [19] and Pimentel et al.
[26], where genomic pairwise relatedness among indivi-
duals from their cattle populations showed a correlation
with pedigree-based relatedness equal to 0.87 and 0.73,
respectively. Such a high correlation is expected because
when the whole population is analyzed, kinship between
many unrelated animals is estimated. Doing so, both
genomic and pedigree-based kinship are close to zero
(Figure 3), which results in a high correlation between
both estimates.
Figure 3 shows all pairwise combinations between G
and A. It can be observed that two individuals have a
genomic pairwise kinship greater than 0.45. This means
that these animals share more than 90% of their geno-
types, so they must be monozygotic twins or mistakes
from either the sample collection or the DNA extraction
(same animal sampled twice and identified with different
ids). Moreover, a group of animals registered as full sibs
in the on-farm pedigree (pedigree-based kinship above
0.25), showed a genomic pairwise kinship around zero.
Although it is possible that two full sibs have a kinship
coefficient around zero, such extremes are not expected.
Thus, those observations are a clear indication of on-
farm pedigree mistakes. This shows how the G matrix
can be used as an important tool for recovering on-farm
pedigree mistakes.Figure 3 Plot of G vs. A pairwise kinship. Plot of genomic
kinship (G) using the full set of LE markers (n = 9,579) against the
pedigree-based kinship (A) for all pairwise combinations among
all 945 L1 animals (n = 446,040). Trendline is given in red.The expected kinship coefficient for father-offspring
pairs is at least 0.25 (mating an unrelated sire and dam)
because the offspring inherits 50% of the genetic infor-
mation from the sire. In the current work, the mean
genomic pairwise kinship for father-offspring was 0.23 ±
0.02 (Table 3) which was somewhat lower than expected.
It is important to highlight that expected pedigree-based
kinship is based on IBD and the genomic kinship here
estimated is based on identical by state (IBS). IBD allele
refers to alleles that are the same from a common ances-
tor in a base population, while IBS simply refers to
alleles that are the same, irrespective of whether they are
inherited from a recent ancestor [22]. Moreover, IBD
alleles are an unobservable quantity, while what can be
observed is the allele state, alleles that seem to be the
same (i.e. IBS alleles) [27].
Another possible reason for the lower genomic kinship
estimate for father-offspring pairs is segregation dis-
tortion. This refers to a phenomenon responsible for a
significant deviation of the observed allele frequencies
compared to the expected frequencies under Mendelian
segregation [28]. In a recent study, Zhan & Xu [29]
described that segregation distortion seems to be more
common than expected.
In addition, it is important to keep in mind that the
genomic relationships estimated in this study might con-
tain sampling error due to the finite number of SNPs
used. As discussed by Powell et al. [22], it is difficult to
define the base when single loci across the genome are
used to estimate the relationship between individuals of
a given population. Consequently, the method can fail to
take distant relationships into account. This sampling
error may be another explanation why the kinship bet-
ween father and offspring was lower than expected
(<0.25) (Table 3). Moreover, the sampling error can also
partly explain that many animals with a low pedigree-
based relationship do not show any relationship based
on the genomic measurement (Figure 3). A methodology
able to estimate relationship using all SNPs simultan-
eously has been proposed as a solution to the biased
relationship estimates [30,31].
For full sibs, the same pedigree-based kinship coeffi-
cients are expected if parents are unrelated (0.25). How-
ever, a large range in the genomic estimate of kinship
was observed (Figure 4). These results fit our expecta-
tions due to the fact that full sibs can share zero, one or
two IBD alleles at each locus. If two full sibs share two
alleles IBD for all loci, the pairwise kinship will be 0.50.
But, if they share zero alleles IBD, the kinship will be
zero. Therefore, a variation around the average is
expected. In a study evaluating the variation in the real
relationship of 4,401 pairs of human full sibs [2], an
average pairwise kinship of 0.25 was estimated, ranging
from 0.19 to 0.31. In the current study, a larger variation
Figure 4 Distribution of genomic and pedigree-based kinship. Genomic kinship was estimated using all markers (n = 28,740) and LE markers
(9,579). Pedigree-based kinship was estimated based on 6 up to 10 generations. Pairwise kinship between 645 father-offspring pairs, 502 full sibs
pairs and 5,756 half sibs pairs was evaluated.
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0.24 (ranging from 0.08 to 0.34 when LE markers were
used). For half sibs, the pedigree-based kinship expected
is at least 0.125 and in the current study the coefficients
ranged from 0.02 to 0.28 with average of 0.12 when LE
markers were used (Table 3 and Figure 4).
Reduced SNP panels
Genomic inbreeding and kinship achieved higher corre-
lations with pedigree-based measurements when LE
markers instead of all markers were used. However, the
mean and standard deviations values of genomic kinship
and inbreeding were practically the same using both sets
of SNPs (Tables 1 and 3). The correlations between
inbreeding and kinship coefficients estimated in all dif-
ferent scenarios using LE and all markers ranged from
0.83 to 0.97 (Tables 2 and 4).As outlined above, for father–offspring pairs, the ex-
pected value of the genomic kinship of father-offspring
pairs is 0.25 for every individual pair if sire and dam
are unrelated. However, in livestock species, there is
always some relatedness between parents originated
from the same population. Thus, the kinship between
father and offspring is expected to be higher than 0.25.
But a large variation above this value is not expected.
Therefore, the standard deviation of the genomic kin-
ship of father-offspring pairs obtained using the set of
LE markers can be used in comparison with the full set
of markers as a parameter to measure the accuracy of
the genomic kinship rather than the correlation with
pedigree-based kinship. This standard deviation does
not differ between LE markers and using all markers
(Table 3) showing that both sets of markers achieve
comparable accuracy.
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capture the variation of kinship between sibs due to
Mendelian sampling compared to the pedigree-based
method (Figure 4). Previous studies have reasoned that
increasing the number of markers may not result in any
appreciable increase of information [12] and that the
genomic relationship matrix has to be estimated ideally
with unlinked markers [19]. Another study [27] argues
that the large number of SNPs is partly illusory due the
fact that an increased marker density implies increased
dependencies due to LD. The results of the present
study confirmed that decreasing the number of markers
didn’t result in reduction of information. Thus, using a
reduced set of markers in LE it is possible to estimate
accurate genomic inbreeding and kinship coefficients
and makes it possible to reduce genotyping costs as well.
For kinship estimation a lower number of markers was
needed than for inbreeding estimation. The subset with
only 500 markers achieved a high correlation (>0.85) with
the results obtained using all LE markers. Moreover, the
variation across the results of each replicate was smaller
(Figure 2). However, subsets <2,000 SNPs could not be
used for breeding value estimation because inbreeding co-
efficients would not be estimated accurately.
For inbreeding, increasing the number of markers
above 2,000 per line only resulted in a small increase
(<5%) of the mean correlation across the subsets and the
full set of LE markers (Figure 1). Comparing the coef-
ficients of variation (CV) across the correlation of each
replicate of the six subsets and the full set of LE
markers, the CV fell below 0.01 for all lines using 2,000
or more SNPs (Figure 5). The absence of large variation
across replicates suggests that it does not matter which
unlinked markers were sampled. The highest correla-
tions between the marker subsets and the LE markers as
well as the lowest CV were observed in L2. This isFigure 5 Coefficient of variation between replicates (n = 1,000)
of the subsets of LE markers for inbreeding estimation.expected as L2 also had the highest inbreeding coeffi-
cient. To analyze inbreeding only for L2 animals, 1,500
SNPs should be sufficient. However, for practical ap-
plications, it is not feasible to create different sets of
markers for each breed or line. It is important for the
breeding companies to establish a common set of mar-
kers that can be used for all their different lines.
The first step to define a consensus set is to identify a
set where all SNPs are polymorphic in all lines. This
means that MAF has to be calculated within line, and
only the SNPs that achieve the desired threshold in all
lines go to the next check. The second step is to investi-
gate the LD also within line, and afterwards to exclude
tightly linked markers. Different lines will present differ-
ent extensions of LD across the genome. However, they
will also share LD blocks. Then, the last step before de-
fining a consensus set is to keep the same representative
SNP of each shared block for all lines. The consensus set
could be used across lines if this set contains ≥2,000
unlinked SNPs. If several lines are used, it might be dif-
ficult to define a set with only 2,000 – 3,000 SNPs due
to the difference in LD and allele frequency across lines.
This difference in LD is well described by Ai et al. [32]
comparing LD extent in Western and Chinese pig popu-
lations. These authors have shown that LD (r2 ≥ 0.3) in
an admixed Western pig population (White Duroc) was
much larger than in the Chinese Wild boar (750 and
38 kb, respectively). The inter-population LD extent
(r2 ≥ 0.3) was of 125 kb across Western pigs and 10.5 kb
across Chinese pigs [32].
In this study, after evaluating the group of LE markers
for each of the three lines, only 1,046 common SNPs
were found. However, the lower number of common
SNPs is related to the random exclusion of linked
markers within lines performed by PLINK software. Dif-
ferent SNPs from the same LD block might have been
selected for different lines. A larger number of common
SNPs is expected if the same representative SNP of each
shared block for all lines is selected.
In the current study it was shown that ≥2,000 unlinked
SNPs within a pig line enabled the estimation of in-
breeding and kinship coefficients with high accuracy. In
cattle, Rolf et al. [19] have shown that 2,500-10,000
SNPs were needed for robust estimation of genomic
relationship matrices. With 10,000 SNPs the genomic
relationship coefficients seemed to be extremely robust
while building the G matrix with 2,500 SNPs seemed to
be very sensitive to SNP sample size. The reduced sets
of SNPs analyzed by Rolf et al. [19] were, however,
randomly sampled across the genome, ignoring the LD
between the selected SNPs, thus potentially overesti-
mating the number needed. Moreover, the requirement
of a lower number of SNPs to build a G matrix for pigs
compared to cattle can be explained by the difference in
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haplotype blocks. Tortereau et al. [33] observed that the
total genetic map length in pigs varied from 1,797 to 2,149
cM. In cattle, it was shown that the genetic length of the
genome was 3,249 cM [34]. In addition, Veroneze et al.
[35] showed that greater block size was observed in com-
mercial pig populations compared to cattle. Working with
6 pig populations genotyped using the Illumina Porcine
SNP60K BeadChip, Veroneze et al. [35] estimated that the
average block size was 395 kb. For a Holstein–Friesian
cattle population genotyped using the Illumina Bovine
SNP50K BeadChip, Qanbari et al. [36] estimated that the
average block size was 164 kb.
In order to perform a final examination on the num-
ber of markers needed for the genomic relationship
matrix, it is necessary to evaluate the power of the ap-
proach in practical application for estimation of bree-
ding values. Subsets of ≥2,000 unlinked SNPs within line
are expected to yield results in agreement to those
presented in a recent study [37] using real and simulated
data from a sheep population. Clark et al. [37] have
shown that breeding values are estimated with higher
accuracy using the full set of SNPs (50K SNP ovine SNP
chip) via genomic BLUP instead of using the pedigree-
based relationships via BLUP. Increased accuracy of
breeding values estimation due to use of genomic rela-
tionships has also been reported by Hayes et al. [30].
Conclusions
The present study shows that variation of kinship bet-
ween sibs due to Mendelian sampling is better captured
using genomic information than the pedigree-based
method. Therefore, the reduced sets of SNPs could
generate more accurate kinship coefficients between sibs
than the pedigree-based method. Variation of genomic
kinship of father-offspring pairs is recommended as a
parameter to determine accuracy of the method rather
than correlation with pedigree-based estimates. Inbree-
ding and kinship coefficients can be estimated with high
accuracy using ≥2,000 unlinked SNPs within all three
commercial pig lines evaluated. However, a larger num-
ber of SNPs might be necessary in other populations or
across lines. A genomic relationship matrix estimated
using unlinked markers will be further tested for estima-
tion of breeding values to validate the methodology.
Methods
Animals
This experiment was conducted strictly in line with the
Dutch law on the protection of animals. A total of 1,565
animals from three commercial pig lines (Duroc-based
L1 n = 1,008, Large White composite L2 n = 316, and
Pietrain-based L3 n = 241) were genotyped. With the
exception of 11 L1 and three L2 sows, all evaluatedanimals were boars. The structure of the population was
as follows: L1 consisted of 628 offspring with only the
father genotyped, 26 offspring with only the mother
genotyped and 69 had both parents genotyped. In total,
41 sires and 11 dams were genotyped for L1. For L2, 49
offspring had only the father genotyped, while two had
only the mother and one with both parents genotyped,
resulting in a total of seven sires and three dams also
genotyped. In L3 only one family was genotyped (8 off-
spring and one sire). No direct parent-offspring con-
nection existed for the remaining animals from this
population.
Selection of SNPs
Genotyping was performed using the PorcineSNP60
Beadchip of Illumina (San Diego, CA, USA) [24]. All
animals were genotyped for 64,232 SNPs at Service XS
(Leiden, The Netherlands). After quality check, 10,210
SNPs were removed because of low quality score
(GenCall score <0.7). A threshold of 30 pedigree errors
or more was applied and 190 SNPs were removed. In
addition, 20,736 SNPs were excluded from analyses due
to MAF < 0.05 in at least one of the three lines. An ad-
ditional 374 markers with a call rate < 95% were also
excluded. A total of 3,982 located in the one of the sex
chromosomes were also excluded. More details about
DNA preparation and genotyping process can be ac-
cessed at Duijvesteijn et al. [38].
With respect to animals, 89 animals (L1 n = 63, L2
n = 3 and L3 n = 23) were excluded due to frequency of
missing genotypes > 5%. For further analyses, 945 (L1),
313 (L2) and 218 (L3) animals remained with genotypes
for a total of 28,740 SNPs (all markers) spread across
the 18 autosomes (build9). MAF, call rate and missing
genotype frequency were estimated using PLINK soft-
ware [8].
Subsets of the most informative markers for each line
were selected based on estimates of LD between SNPs.
Tightly linked SNPs were then excluded using LD-based
SNP pruning in PLINK, creating a group of LE markers.
LD was estimated between each pair of SNPs in a win-
dow of 50 SNPs. If the LD was greater than 0.5 (r2 > 0.5)
one of the pair of SNPs was removed and the window
shifted five SNPs forward. The procedure was repeated
until the end of each chromosome was reached.
Finally, to evaluate the number of markers needed for
a reduced panel of SNPs, six panels with different
number of markers were created from the LE markers
(n = 500, 1000, 1500, 2000, 2500 and 3000). Each panel
was replicated with replacement 1,000 times using the
bootstrap procedure in R [39]. Selection of the number
of SNPs for each panel was weighted according to the
number of markers available on each chromosome, in
relation to the total number of LE markers. This ensures
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kers have more SNPs represented in the reduced panel.
Thereby, each chromosome had the same proportion of
markers sampled in the different subsets.
The number of markers present in the set of LE
markers after LD based SNP pruning (9,579, 7,984 and
10,235 for L1, L2 and L3, respectively) and the proportion
of markers remaining for each chromosome in relation to
the total number of markers [see Additional file 1]. The
average spacing between markers in the set of LE
markers was 0.22, 0.27 and 0.21 Mb for L1, L2 and
L3, respectively.
Inbreeding and kinship estimation
Kinship or co-ancestry coefficient represents the proba-
bility that two genes, sampled at random from each indi-
vidual are identical (e.g. the kinship coefficient between a
parent and an offspring is 0.25). It equals half of the nu-
merator relationship or coefficient of relatedness [40,41].
The inbreeding coefficient is the kinship coefficient
between the individual’s parents, and measures the pro-
bability that an individual has a pair of alleles that are
identical by descent from a common ancestor.
Genomic inbreeding was estimated for all the three
lines separately. Kinship coefficients were estimated only
for L1 animals since it had the largest number of geno-
typed sibs and parents-offspring pairs. Pairwise kinship
between the father-offspring, full sib, and half sib pairs
were estimated only for animals for which the father was
also genotyped and the paternity was confirmed by DNA
analysis (n = 645). Paternity verification was conducted
using the panel of 120 SNPs and criteria proposed in a
recent study [18] with the program CERVUS [42].
Genomic inbreeding and kinship coefficients were esti-
mated using (1) all markers, (2) LE markers and (3) each
replicate of the six panels, using the IBS function of the
package GenABEL [10] using R.
Calculation of genomic inbreeding and kinship was
weighted by the allele frequency within each line.
GenABEL calculates a G matrix based on average IBS.
The coefficient of IBS (F) for a pair of individuals i and j





   xj;k−pk
 
pk  1−pkð Þð Þ
where k ranges from 1 to N = number of SNPs, xi,k is a
genotype of ith individual at the kth SNP, coded as 0, 1/2,
1, corresponding to the homozygous, heterozygous, and
other type of homozygous genotype and pk is the fre-
quency of the allele that has been coded as 1 [10]. Indi-
viduals which are more heterozygous than expected
based on the allele frequency of the population show a
negative inbreeding coefficient indicating that they areless homozygous than expected for a population under
Hardy-Weinberg equilibrium.
In order to compare molecular and pedigree-based re-
lationship estimation, the program ENDOG v4.8 [43]
was used to estimate the A matrix based on pedigree in-
formation from 6 up to 10 generations. The inbreeding
estimated by ENDOG was defined as the probability that
an individual has two identical alleles by descent [43]
and was computed following Meuwissen & Luo [44].
Additional file
Additional file 1: SNPs per chromosome. Number and proportion of
SNPs from each chromosome (Chr) in the set of LE markers for all lines
evaluated (L1, L2 and L3).
Competing interests
The authors declare that they do not have any competing interests.
Authors' contributions
MSL conducted statistical analyses, prepared figures and tables and wrote
the manuscript. FFS was involved in the statistical analyses and reviewed the
manuscript. BH was involved in discussion on statistical issues and writing of
the manuscript. ND was involved in sample collection, organization of the
genotyping experiment and writing of the manuscript. PSL was involved in
the statistical analysis and general discussion of the results. SEFG and EFK
were involved in planning the project, statistical supervision and
experimental set up. All authors have read and approved the final
manuscript.
Acknowledgements
Financial support from TOPIGS, INCT-CA and CAPES (Coordenação de
Aperfeiçoamento de Pessoal de Nível Superior) is gratefully acknowledged.
The authors acknowledge very detailed and helpful remarks of the reviewers.
Author details
1TOPIGS Research Center IPG B.V., P.O. Box 43, 6640 AA, Beuningen, the
Netherlands. 2Departamento de Zootecnia, Universidade Federal de Viçosa,
36571-000, Viçosa, MG, Brazil.
Received: 16 November 2012 Accepted: 19 September 2013
Published: 25 September 2013
References
1. Henderson CR: Best linear unbiased estimation and prediction under a
selection model. Biometrics 1975, 31:423–447.
2. Visscher PM, Medland SE, Ferreira MAR, Morley KI, Zhu G, Cornes BK,
Montgomery GW, Martin NG: Assumption-free estimation of heritability
from genome-wide identity-by-descent sharing between full siblings.
PLoS Genet 2006, 2(3):e41.
3. Li CC, Horvitz DG: Some methods of estimating the inbreeding
coefficient. Am J Hum Genet 1953, 5(2):107.
4. Queller DC, Goodnight KF: Estimating relatedness using genetic markers.
Evolution 1989, 43(2):258–275.
5. Ritland K: Estimators for pairwise relatedness and individual inbreeding
coefficients. Genet Res 1996, 67(2):175–186.
6. Lynch M, Ritland K: Estimation of pairwise relatedness with molecular
markers. Genetics 1999, 152(4):1753–1766.
7. Hardy OJ, Vekemans X: SPAGeDi: a versatile computer program to analyse
spatial genetic structure at the individual or population levels.
Mol Ecol Notes 2002, 2(4):618–620.
8. Purcell S, Neale B, Todd-Brown K, Thomas L, Ferreira MAR, Bender D,
Maller J, Sklar P, De Bakker PIW, Daly MJ: PLINK: a tool set for
whole-genome association and population-based linkage analyses.
Am J Human Genet 2007, 81(3):559–575.
9. VanRaden PM: Efficient methods to compute genomic predictions.
J Dairy Sci 2008, 91(11):4414–4423.
Lopes et al. BMC Genetics 2013, 14:92 Page 11 of 11
http://www.biomedcentral.com/1471-2156/14/9210. Aulchenko YS, Ripke S, Isaacs A, van Duijn CM: GenABEL: an R package for
genome-wide association analysis. Bioinformatics 2007, 23(10):1294–1296.
11. Garant D, Kruuk LEB: How to use molecular marker data to measure
evolutionary parameters in wild populations. Mol Ecol 2005,
14(7):1843–1859.
12. Santure AW, Stapley J, Ball AD, Birkhead TIMR, Burke T, Slate JON: On the
use of large marker panels to estimate inbreeding and relatedness:
empirical and simulation studies of a pedigreed zebra finch population
typed at 771 SNPs. Mol Ecol 2010, 19(7):1439–1451.
13. Guo SW: Variation in genetic identity among relatives. Hum Hered 1996,
46(2):61–70.
14. Bolormaa S, Ruvinsky A, Walkden-Brown S, Van der Werf J: DNA-based
parentage verification in two Australian goat herds. Small Ruminant Res
2008, 80(1):95–100.
15. Hill WG, Salisbury BA, Webb AJ: Parentage identification using single
nucleotide polymorphism genotypes: application to product tracing.
J Anim Sci 2008, 86(10):2508–2517.
16. Fisher PJ, Malthus B, Walker MC, Corbett G, Spelman RJ: The number of
single nucleotide polymorphisms and on-farm data required for
whole-herd parentage testing in dairy cattle herds. J Dairy Sci 2009,
92(1):369–374.
17. Hara K, Watabe H, Sasazaki S, Mukai F, Mannen H: Development of SNP
markers for individual identification and parentage test in a Japanese
Black cattle population. Anim Sci J 2010, 81(2):152–157.
18. Harlizius B, Lopes MS, Duijvesteijn N, van de Goor LHP, van Haeringen WA,
Panneman H, Guimarães SEF, Merks JWM, Knol EF: A SNP set for paternal
identification to reduce the costs of trait recording in commercial pig
breeding. J Anim Sci 2011, 89(6):1661–1668.
19. Rolf MM, Taylor JF, Schnabel RD, McKay SD, McClure MC, Northcutt SL,
Kerley MS, Weaber RL: Impact of reduced marker set estimation of
genomic relationship matrices on genomic selection for feed efficiency
in Angus cattle. BMC genetics 2010, 11(1):24.
20. Pinto N, Gusmão L, Amorim A: X-chromosome markers in kinship testing:
a generalisation of the IBD approach identifying situations where their
contribution is crucial. Forensic Sci Int Genet 2011, 5(1):27–32.
21. VanRaden PM, Olson KM, Wiggans GR, Cole JB, Tooker ME: Genomic
inbreeding and relationships among Holsteins, Jerseys, and Brown Swiss.
J Dairy Sci 2011, 94(11):5673–5682.
22. Powell JE, Visscher PM, Goddard ME: Reconciling the analysis of IBD and
IBS in complex trait studies. Nat Rev Genet 2010, 11(11):800–805.
23. Keller MC, Visscher PM, Goddard ME: Quantification of inbreeding due to
distant ancestors and its detection using dense single nucleotide
polymorphism data. Genetics 2011, 189(1):237–249.
24. Ramos AM, Crooijmans RPMA, Affara NA, Amaral AJ, Archibald AL, Beever JE,
Bendixen C, Churcher C, Clark R, Dehais P: Design of a high density SNP
genotyping assay in the pig using SNPs identified and characterized by
next generation sequencing technology. PLoS ONE 2009, 4(8):e6524.
25. Pedersen LD, Sørensen AC, Berg P: Marker‐assisted selection reduces
expected inbreeding but can result in large effects of hitchhiking.
J Anim Breed Genet 2010, 127(3):189–198.
26. Pimentel ECG, Erbe M, Koenig S, Simianer H: Genome partitioning of
genetic variation for milk production and composition traits in Holstein
cattle. Frontiers in genetics 2011, 2:19.
27. Weir BS, Anderson AD, Hepler AB: Genetic relatedness analysis: modern
data and new challenges. Nat Rev Genet 2006, 7(10):771–780.
28. Sandler L, Hiraizumi Y, Sandler I: Meiotic drive in natural populations of
Drosophila Melanogaster. I. the cytogenetic basis of segregation-distortion.
Genet 1959, 44(2):233–250.
29. Zhan H, Xu S: Generalized linear mixed model for segregation distortion
analysis. BMC genetics 2011, 12(1):97.
30. Hayes BJ, Visscher P, Goddard M: Increased accuracy of artificial selection
by using the realized relationship matrix. Genet Res 2009, 91(01):47–60.
31. Yang J, Benyamin B, McEvoy BP, Gordon S, Henders AK, Nyholt DR,
Madden PA, Heath AC, Martin NG, Montgomery GW: Common SNPs
explain a large proportion of the heritability for human height. Nat Genet
2010, 42(7):565–569.
32. Ai H, Huang L, Ren J: Genetic diversity, linkage disequilibrium and
selection signatures in Chinese and Western pigs revealed by
genome-wide SNP markers. PLoS ONE 2013, 8(2):e56001.
33. Tortereau F, Servin B, Frantz L, Megens H-J, Milan D, Rohrer G, Wiedmann R,
Beever J, Archibald A, Schook L: A high density recombination map of thepig reveals a correlation between sex-specific recombination and GC
content. BMC Genomics 2012, 13(1):586.
34. Arias JA, Keehan M, Fisher P, Coppieters W, Spelman R: A high density
linkage map of the bovine genome. BMC genetics 2009, 10(1):18.
35. Veroneze R, Lopes PS, Guimarães SEF, Silva FF, Lopes MS, Harlizius B, Knol
EF: Linkage disequilibrium and haplotype block structure in six
commercial pig lines. J Anim Sci 2013, 91:3493–3501.
36. Qanbari S, Pimentel E, Tetens J, Thaller G, Lichtner P, Sharifi A, Simianer H:
The pattern of linkage disequilibrium in German Holstein cattle.
Anim Genet 2010, 41(4):346–356.
37. Clark SA, Hickey JM, Daetwyler HD, van der Werf JH: The importance of
information on relatives for the prediction of genomic breeding values
and the implications for the makeup of reference data sets in livestock
breeding schemes. Genet Sel Evol 2012, 44(1):4.
38. Duijvesteijn N, Knol EF, Merks JWM, Crooijmans RPMA, Groenen MAM,
Bovenhuis H, Harlizius B: A genome-wide association study on
androstenone levels in pigs reveals a cluster of candidate genes on
chromosome 6. BMC genetics 2010, 11(1):42.
39. R Development Core Team R: A Language and Environment for Statistical
Computing. Vienna, Austria: R Foundation for Statistical Computing; 2011.
40. Jacquard A: The genetic structure of populations. New York: Springer; 1974.
41. Lynch M, Walsh B: Genetics and analysis of quantitative traits. Massachusetts:
Sinauer Associates; 1998.
42. Kalinowski ST, Taper ML, Marshall TC: Revising how the computer program
CERVUS accommodates genotyping error increases success in paternity
assignment. Mol Ecol 2007, 16(5):1099–1106.
43. Gutiérrez JP, Goyache F: A note on ENDOG: a computer program for
analysing pedigree information. J Anim Breed Genet 2005, 122(3):172–176.
44. Meuwissen THE, Luo Z: Computing inbreeding coefficients in large
populations. Genet Sel Evol 1992, 24(4):305–313.
doi:10.1186/1471-2156-14-92
Cite this article as: Lopes et al.: Improved estimation of inbreeding and
kinship in pigs using optimized SNP panels. BMC Genetics 2013 14:92.Submit your next manuscript to BioMed Central
and take full advantage of: 
• Convenient online submission
• Thorough peer review
• No space constraints or color ﬁgure charges
• Immediate publication on acceptance
• Inclusion in PubMed, CAS, Scopus and Google Scholar
• Research which is freely available for redistribution
Submit your manuscript at 
www.biomedcentral.com/submit
